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Research on 3D Model Storage and Shape Distribution in Hadoop Environment
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Abstract With the explosion of 3D models, how to organize, manage and browse large-scale model files effectively
has become a critical problem. The 3D model files are classified and merged firstly based on the concept of model
file names’ similarity, and then deposited into Hadoop distributed file system (HDFS). 3D model shape distribution
is realized according to MapReduce parallel programming method in Hadoop environment by introducing the
topology consistency factor and 3D model integrity function. In addition, the performance of MapReduce process is
optimized according to the characteristic of distributed computing. Taking NTU3d data set as testing, the validity of
proposed algorithm is verified in Hadoop environment.
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