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A Hidden Markov Feature-Oriented Data Quality Control Model

Zhou Jin-ling, Diao Xing-chun, Zhou Xing, Cao Jian-jun
(College of Command Information Systems, PLA University of Science and Technology, Nanjing 210007, China)

Abstract: Data quality control based on data mining technology is currently a hot topic in the research field. The paper analyzes data
control models based on Bayesian Belief Network, improved models and their effects. The paper suggests that data features should be
considered to build the effective model, a data quality control model is proposed to deal with the data including Hidden Markov
feature in the paper. The model firstly builds the Bayesian network to determine the relationship between fields, then learns the
generated probability matrix between fields (reflects the spatial dependency) and the transition probability matrix among the

records( reflects the time dependency) as the foundation of reasoning. The model borrows the characteristic of Hidden Markov model,
integrating the time and spatial dependency, improved data quality with Hidden Markov feature, and without loss of generality in the
common data quality control.

Keywords: Data Quality, Hidden Markov Model, Bayesian Belief Network, Time Dependent
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