5 xx & E N RS R OR Vol.xx, Suppl.
2014 11 H JOURNAL OF COMPUTER RESEARCH AND DEVELOPMENT Aug. 2014

ETHEETHRNERBERSZHZESRLIT

Bfe " Mg ERR Fer

VRERURS IRV TR [E K s s, BRI 210046
PERRY IHHNRRESHAR R, MR PE 210046
+lygzzj@163.com

Design of the Cloud Framework for the Symptom self-Inspection Services based

on the Massive Medical Data

Zhou Zuojian™?, Lin Wenmin*?, Wang Binbin*?, and Pan Jingui*?
! (State Key Laboratory for Novel Software Technology, Nanjing University, Nanjing 210046, China)
2 (Department of Computer Science and Technology, Nanjing University, Nanjing 210046, China)

Abstract With the increase of the sub-health in current society, symptom self-inspection services have become more and more important.
However, the establishment of the regional health cloud platform based on the EHR provides the data support of the symptom
self-inspection services to us. For example, we can find similar EHRs through this platform. As proposing the symptom self-inspection
services based on the cloud framework, we face the challenge that a large amount of the EMRs should be acquired, stored, searched and
analyzed. To solving those problems, we propose the symptom self-inspection services based on the cloud framework. Specifically, we
build a Hadoop cluster to store and retrieve the massive medical data so that we can improve the response time of searching the EMRs.
Firstly, we design the distributed search node cluster based on the Lucene project to retrieve, analysis and filter the massive EMRs in
real time. Secondly, we discuss the implementation of the symptom self-inspection services which includes the selection of the searching
nodes, the indexing of the EMRs, the method of calculating the similarity of EMRs and the sorting Algorithm. In the end, an experiment
has been conducted which proved the scalability and effectiveness of our cloud framework.
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