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Abstract: Entity resolution(ER) is widely used in database management and information retrieval. In the age of big
data, entity resolution faces new challenges in dealing with mass data. An algorithm is proposed for parallel entity
resolution based on block dependency to adapt to big data environment, which consists of three stages under
MapReduce programming framework. Firstly, blocking is helpful for reducing the amount of calculation. Secondly,
the entities which are of low dependency to the block that they belong to are picked out to match entities in other
blocks. Using this kind of filtering strategy, not only the accuracy of resolution results is kept, but also the amount of
calculation is reduced in some degree. Lastly, span distance is set to control the resolution quantity and further im-
prove the efficiency. By evaluating on Hadoop using real data set, experimental result shows that our algorithm is
efficient and effective.
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Table 1 The amount of calculation under various span distances
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PSR S Ib| 500 300 125 100 80 50 25 15 12 10
T
10) 0.93 1.07 1.08 1.15 1.18 1.23 1.37 1.82 2.41 2.73 3.06
SERE
A 55%  64%  64%  68%  7.0%  7.3%  82%  108%  143%  163%  18.2%
AN

945%  93.6%  93.6%  932%  93.0%  92.7%  91.8%  89.2%  857%  83.7%  81.8%
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Fig. 8 The relationship between reduce task time and span dis-
tance
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